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I. Introduction  
 
1. The statistical process for Dutch short-term statistics (STS) has been redesigned, as part of the 
redesign of the system of economic statistics (Zwijnenburg, 2012). The software for the renewed STS is 
implemented in February 2015. IMPECT2, the former statistical process and software for STS, was 
implemented in 2002-2003 (De Jong, 2003). There were many reasons to have it renewed. For instance, 
the software was no longer manageable and its performance was deteriorating. Several methodological 
issues were detected, which were partly solved by additional software. Furthermore, due to expenditure 
cuts a more efficient process was needed with less editing efforts. In the IMPECT2 process selective 
editing and top-down editing are separated. In the redesigned process they are integrated. The latter 
should be more efficient. 
 
2. For quarterly STS a new statistical process was also developed (Van Delden et al. (2010); 
Hoogland (2011)). VAT-data are used for small and medium-sized enterprises whenever possible. 
Questionnaires are used for large enterprises. VAT-data can’t replace questionnaires for monthly STS, 
because they are mainly available on a quarterly basis. Questionnaires are used for monthly STS and for 
quarterly STS where VAT is unusable. When VAT-data are available it is used as a resource for manual 
editing of monthly STS. 

3. In paragraph II the design of KICR, the new statistical process for Dutch STS, is described. 
KICR is an abbreviation for short term institutional and cyclical estimates (in Dutch). In paragraph III 
the top-down editing approach is discussed. In paragraph IV the KICR score function is compared with 
the IMPECT2 score function. In paragraph V organisational issues, feedback of the shop floor, and 
effects of changes on quality and efficiency are discussed. Conclusions are drawn in paragraph VI. 

 
II. KICR 
 
A. KICR design 
 
4. The KICR process consists of three phases. In phase 1 filled in questionnaires are automatically 
corrected for systematic errors. Response for enterprises that belong to important groups of enterprises 
are also edited manually. Phase 2 consists of selection of sample units, imputation, computation of 
weights and aggregates, and top-down editing of STS-variables. Enterprises are checked manually in 
phase 2, including imputations for enterprises that belong to important groups of enterprises. In phase 3 
resulting KICR indices for monthly and quarterly STS are automatically adjusted to make them 
consistent with indices for quarterly STS based on multi-source data.  
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5. Methodology is generic, although there are several differences per branch, For instance, the main 
turnover variable can differ among branches. For retail trade it is gross turnover, for building industry it is 
inland turnover, for manufacturing industry it is industrial turnover, and for other branches it is net 
turnover. It is therefore treated as a parameter. However, for the visualization software for top-down 
editing the scripts differ per branch. 
 
B. KICR phase 1 
 
6. First, a number of elementary checks are done for filled in questionnaires, such as value range 
checks and a check whether the enterprise exists in the business register for the specific period. Response 
that is considered unusable is not imported. Second, obvious errors in the response are detected by means 
of edit checks. An example of an obvious error is a 1000-error, which means that STS-values are a factor 
1000 too large. Deductive correction is applied for obvious errors. Third, response is checked for hard 
errors, such as addition errors. For instance, industrial turnover and trade turnover have to add up to net 
turnover. When an edit rule fails and there is with certainty an error it is a hard error. When it is likely, 
but not certain, that there is an error it is a soft error. Several hard errors are corrected automatically, but 
not necessarily deductively. There are also checks for soft errors. For instance, for industrial enterprises 
trade turnover should be smaller than industrial turnover. Information about soft errors is used by editors 
in phase 1 and 2. 
 
7. There are more than 300 large groups of enterprises in the Netherlands. Enterprises that are part 
of one of the large groups of enterprises are called CONGO-enterprises. CONGO is an abbreviation for 
consistent large groups of enterprises (in Dutch). Filled in questionnaires from CONGO-enterprises are 
edited by a separate department at Statistics Netherlands. Data received for different statistics are made 
mutually consistent. For CONGO-enterprises there are no automatic corrections, but the system proposes 
corrections which the editor can adopt.  
 
C. KICR phase 2 

 
8. A report period can differ from a statistical period, for instance because enterprises can report 
every four weeks for monthly STS. In phase 2 reported STS-values regarding four weeks are transformed 
to values per month. If overlap between a 4-week period and a month is small then the STS-value for that 
month is not derived, but imputed. Missing values are imputed by means of ratio-imputation. That is, an 
imputed value equals the value of an auxiliary variable for that unit multiplied by a ratio of the target 
variable and the auxiliary variable. This ratio is estimated on the basis of a set of sample units. One out of 
three possible auxiliary values is used: STS-value for last period, STS-value for same period last year, or 
number of working persons. A set of selection rules determine which set of respondents and which 
auxiliary variable is used. Outliers in ratio values are detected and not used for the computation of a ratio. 
When addition rules must apply the resulting values are made consistent with these rules.  

 
9. The new system for STS produces both institutional and cyclical figures. The emphasis is on 
analysis of base cells, which are the most detailed publication cells. For cyclical figures a sample unit is 
excluded if: 

(a) it exists in t and t–1, but is not part of the same base cell in t and t–1;  
(b) it is involved in a structural change of an enterprise between t and  t–1, while another enterprise 

involved belongs to a different base cell. For example, a department store takes over a super 
market. 

For institutional figures these units are included, while they can have a large effect on percentage growth. 
Cyclical figures are therefore more stable. Quarterly STS are derived on the basis of institutional figures 
for monthly STS. These are used for comparison with quarterly STS based on multi-source data. 
Institutional figures are also used for National Accounts. Cyclical figures are published, sent to Eurostat 
and used for National Accounts.  
 
10. Outliers are detected for institutional and cyclical figures separately. For each sample unit the 
effect on the growth rate of the base cell is computed when the weight of the unit is set at 1. If this effect 
is larger than a specified threshold the weight for the sample unit is lowered, with a minimum value of 1. 
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In that case the sample unit is treated as an outlier. After outliers are set the remaining weights and the 
growth rates are computed.  
 
11. After this sequence of automatic computations we start top-down editing. A set of indicators, 
graphics and tables is available to check the provisional institutional and cyclical figures and detect 
influential errors. For the main turnover variable there are a lot of indicators available for error detection. 
There is also an overview of sample units that have an absolute value for the score function that is higher 
than a specified threshold. Potential influential errors are edited and figures are recomputed. Figures are 
released when they seem to be reliable enough. Top-down editing is discussed in detail in paragraph III. 

 
 
D. KICR phase 3 
 
12. Quarterly and monthly KICR indices are automatically adjusted such that they are consistent with 
quarterly STS indices based on multi-source data. An important condition is that differences are already 
small. Big differences must be solved in phase 2 by means of editing. In phase 3 a Denton method 
(Bikker, Daalmans, and Mushkudiani, 2010) is used for benchmarking of indices for the main turnover 
variable. Afterwards indices for other STS-variables are benchmarked. Benchmarking is a process to 
achieve consistency between data that are published at a high frequency and data that are published at a 
lower frequency. Several indicators are available to validate figures after benchmarking. 
 
 
III. Top-down editing 
 
A. Macroview 
 
13. For top-down editing we make use of Macroview (Ossen et al., 2011), which is a generic 
software package for developing macro-editing tools. It has many possibilities, such as a tree structure 
with different views, zooming in at graphics, sorting tables, and selecting an enterprise in tables and 
graphics. It has been used at Statistics Netherlands for several years for top-down editing of structural 
business statistics and quarterly STS. Macroview runs by a script that can be programmed by a statistical 
researcher. For STS there are separate scripts for branches such as retail trade and building industry. A 
plugin is used for editing, because it is not possible to change values within Macroview. 
 
B. Overall picture and dashboard 
 
14. First, an analyst looks at the overall picture for the selected statistical period. Aggregates are 
shown for all publication cells and STS-variables. For CONGO enterprises micro data are shown. 
Aggregates are conveniently arranged by means of file tabs per type of publication cell. Institutional and 
cyclical growth rates are compared for the main turnover variable and large differences are highlighted. 
Large adjustments in growth rate with respect to the former release or flash release are also highlighted. 
 
15. Second, the analyst examines a dashboard with important indicators for the main turnover 
variable for each base cell in a branch. Figure 1 shows a part of the dashboard for Retail Trade and March 
20151. On the basis of the dashboard it is determined which base cells deserve more attention and what 
are the main problems within base cells. This should make the top-down editing process more efficient. 
Striking values of a dashboard indicator have a red colour. This may be caused by influential errors. 
When all dashboard indicators are looking good and there is only one publication variable for a branch, 
we can confine ourselves to checking time series of aggregates and indices. In Figure 1 this holds for base 
cell 47190 (department stores and shops with a general non-food assortment). If these times series seem 
plausible there is no need for further analysis. If there are other publication variables, besides the main 
turnover variable, we also need to look at scatterplots or sorted tables. 
 

                                                        
1 These are screenshots of software for Dutch STS, so descriptions are in Dutch 
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Figure 1. Macroview dashboard for March 2015 and base cells with respect to NACE 471 and 472 
 
16. The dashboard shows the selected statistical period and branch, all base cells and crucial 
indicators with respect to the main turnover variable. These indicators are from left to right: 

(a) Contribution of response to a base cell total;  
(b) Institutional percentage growth t, t–1. Based on all sample units in period t and t–1; 
(c) Difference in institutional percentage growth t, t–1 and institutional percentage growth t–j, t–j–1 

(same periods last year); 
(d) Same as (b), for cyclical growth; 
(e) Same as (c), for cyclical growth; 
(f) Difference in institutional and cyclical growth; 
(g) Institutional percentage growth t, t–1 based on units that are in the sample in period t and t–1 
(h) Institutional percentage growth t, t–1 based on sample units that are fully based on response for 

the main turnover variable in period t and t–1; 
(i) Relative difference in (g) and (h); 
(j) Contribution of dynamic enterprises to institutional percentage growth t, t–1. Dynamic 

enterprises concern birth, death, influx or efflux with respect to period t–1; 
(k) Adjustment of institutional growth compared to flash release; 
(l) Same as (k), for cyclical growth; 
(m) Adjustment of institutional growth compared to previous release; 
(n) Same as (m), for cyclical growth; 
(o) Sum of absolute high values for score function, for records that are not edited; 
(p) Contribution of base cell total to branch total; 

After looking at the dashboard an analyst selects a base cell for further analysis. For each indicator at the 
dashboard a Macroview screen is available with further details.  
 
C. Time series analyses 
 
17. Institutional and cyclical time series for STS-variables are analysed. If the dashboard or time 
series give reason for further analysis the next step depends on the situation at hand. For instance, if a 
growth rate is substantially higher or lower than in earlier years this must be explained. If there is no 
economic interpretation then an analyst should look for influential errors. 
 
18. Figure 2 shows time series of monthly cyclical growth rates 2010-2015 for base cell 47190. 
Growth rates are expressed as percentage growth with respect to the last period. Growth rates 2015 
(orange) are in sync with growth rates 2014 (dark red). The main reason for a big difference in percentage 
growth for February-March in 2014-2015 and February-March in 2010-2013 is that a big department 
store moved sale days from March to April from 2014. We therefore conclude that growth rate February-
March is plausible for 2015. 
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Figure 2. Macroview time series of percentage cyclical growth t, t–1 for department stores and shops with 
a general non-food assortment 
 
 
D. Scatterplots 
 
19. To determine which enterprises cause a shift in percentage growth we make use of several 
indicators and graphics. Seven different scatterplots are available, either with unweighted or weighted 
values, and either with respect to previous period or same period last year. Besides the type of value and 
reference period, there are three types of colouring, with different colours for dots dependent on:  

(a) Score function; 
• High scores; 
• Low scores. 

(b) Occurrence of imputations;  
• Response in t and t–1;  
• Response in t and imputation in t–1; 
• Imputation in t and response in t–1; 
• Imputation in t and t–1. 

(c) Dynamics and use for cyclical growth.  
• Enterprise in base cell for t and t–1, and used for cyclical growth t, t–1; 
• Enterprises in base cell for t and t–1, and not used for cyclical growth t, t–1; 
• Efflux: enterprise in base cell for t–1, but in different base cell for t; 
• Death: enterprise in base cell for t–1, but non-existent for t; 
• Influx: enterprise in base cell for t, but in different base cell for t–1; 
• Birth: enterprise in base cell for t, but non-existent for t–1. 

Normally, dynamic enterprises are not visible in a scatterplot for a base cell, because of a missing value 
for one period. To visualize dynamic enterprises we set missing values at zero, strictly for the scatterplot. 
Corresponding dots are distinguishable from original zeros in t or t–1, because of a different colour. 
 
20. Dashboard indicator (j) in Figure 1 showed that the effect of dynamics t,t–1 is substantial2 for 
base cell 47260 (tobacco shops). We therefore take a look at both the weighted and unweighted dynamic 
scatterplot t, t–1. Weighted values are useful to assess the effect of turnover values on growth rates. 
Unweighted values are useful to assess plausibility of turnover values. Figure 3 contains unweighted 
values. A purple dot is a sample unit excluded from cyclical growth and a blue dot is a birth. Dashboard 

                                                        
2 It is just above the threshold, which equals 2%.  
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indicator (g) is significant because of a birth in March 2015 with a gross monthly turnover of 80,000 
euros and a weight of 16. An analyst can select this enterprise by double-clicking the blue dot. 
 

  
 
Figure 3. Dynamic scatter plot for gross turnover of tobacco shops, March versus February 2015. 
 
21. There are several tables with STS-values and indicators per enterprise available. These tables can 
be sorted to detect potential influential errors. Enterprises with a potential influential error are selected 
one by one. 
 
E. Checking information for an enterprise 
 
22. When an enterprise is selected information from 2010 onward is available in tables and graphics: 

(a) Raw, automatically corrected, and current value of STS-variables per report period;  
(b) Weighted and unweighted value of main turnover variable per statistical period; 
(c) Value of score function, percentage growth t, t–1 and t, t–j for main turnover variable, per 

statistical period; 
(d) Information regarding imputation method for main turnover variable, per statistical period; 
(e) Current value, percentage growth t, t–1 and t, t–j for each STS-variable, per statistical period; 
(f) Time series for current value, percentage growth t, t–1 and t, t–j of main turnover variable. 

When a correction is needed for an enterprise, the editor screen should be opened. Either to register that 
reported and statistical values are clean or to correct values. 
 
F. Correction of errors, selection and outlier identification 
 
23. There are several types of manual correction, such as correction of influential errors and cyclical 
selection. It is also possible to change identification of outliers. In the editor screen STS-values can be 
edited per response period or per statistical period. Possible corrections per response period are: 

(a) Adjust reported values of STS-variables 
(b) Ignore reported values of STS-variables via a check mark 

Possible corrections per statistical period t are: 

(a) Adjust institutional values of STS-variables for period t 
(b) Adjust cyclical values of STS-variables for period t with respect to period t–1 
(c) Add or remove a record to the cyclical selection t, t–1 
(d) Identify an institutional/cyclical outlier t, t–1, that was not detected 
(e) Identify a detected institutional/cyclical outlier t, t–1 as non-outlier 
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There are also entries to make remarks, suggest a different NACE or size class, or ignore reported STS-
values and have them imputed. After or without correction, an editor can declare a record as clean.  
 
IV. Score functions 
 
A. IMPECT2 score function 
 
24. Selective editing is used for Dutch STS from 2002 onward (De Jong, 2003). For the IMPECT2 
score function two characteristics are assessed, namely contribution and growth rate. For each record the 
contribution to the estimated total turnover of the base cell is computed for both period t and t–2. 
Turnover for period t–2 is also used, because turnover of an enterprise for period t and t–1 can still be 
unavailable or erroneous. We do not want to underestimate contribution due to an error. The maximum 
value of the contribution for period t–2 and t is therefore computed. When this value exceeds a specified 
threshold the contribution indicator IC equals 1, else it equals 0.  
 
25. Growth rate of an enterprise is used to assess whether turnover values are suspicious. It is 
defined as the turnover ratio of period t and t–1. For growth rate a robust estimator is not used, 
because it should be suspicious when there is an error involved. In case of non-response in t–1, a 
previous period is used. If there is non-response for more than six months, the median value of the 
base cell is used instead. If the growth rate is above an upper limit gmax, or under a lower limit gmin 

then growth rate indicator IG equals 1, else it equals 0. 
 
26. The selection is based on the IMPECT2 score function, which equals IC × IG .If it equals 1 the 
record is edited manually, else it is edited automatically. This implies that a record must have both a 
high contribution and an extreme growth rate. There are some exceptions. First, all records that 
contribute more than 10% to the estimate are selected for manual editing, regardless the growth rate. 
Second, records from enterprises with more than 250 persons employed are considered to have a 
high contribution. These enterprises are edited manually in case of an extreme growth rate. 
 
27. The threshold for contribution is set such that IC equals 1 for about 50% of the records in 
statistical period t for previous year (period t–j). The thresholds for growth rate are set such that IG 
equals 1 for about 10% of the records in statistical period t–j. Note that data for period t–j and t–j–1 are 
clean, while data for period t and t–1 may contain extreme growth rates due to errors. 
 
B. KICR score function 

28. The KICR score function estimates the percentage contribution of a sample unit in the 
monthly/quarterly growth rate of an STS base cell. First, the difference in the weighted value per sample 
unit for statistical period t versus t–1 and main turnover variable y is computed. It is defined as 
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iIwy , is the weighted institutional value for the main turnover variable and sample unit i in period s. 

If an enterprise is in the sample for t, but not for t–1 (sample birth), then the contribution is t
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1
,
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new in a base cell due to a change in NACE-value for statistical period t versus t–1 then it is treated 
analogous to a sample birth, that is, the contribution is t

iIwy , . The opposite, if a unit has left a base cell in 

period t then it is treated analogous to a sample death. Contribution is then 1
,
−− t
iIwy . 
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29. The KICR score function for the main turnover variable y, enterprise i, base cell k and statistical 
period t is computed according to (2). The difference in the weighted value for sample unit i for 
statistical period t versus t–1 is divided by the estimated total for base cell k and period t–1. It is then 
multiplied by 100 to obtain a percentage contribution. If the denominator is zero or null then we do not 
obtain a score. 
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where YI,k (y) is the estimated total for the main turnover variable y and base cell k in period t–1 

If the absolute value of (2) is higher than a specified threshold d, then the sample unit is considered 
influential for the growth rate t, t–1 of base cell k. These units need to be checked. )(,1 ytt

ki
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which sample units have a high score. 
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30. An indicator with respect to the impact of unedited influential sample units on the growth rate of 
base cell k for statistical period t versus t–1 is computed for each base cell 
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t
kµ : Set of unedited sample units in period t and base cell k. Indicator (4) is dashboard indicator (o) and 

becomes smaller as more sample units with a high score are edited. 
 
V. Experiences with KICR 
 
A. Organisational issues and feedback of shop floor 
 
31. Development, testing, and implementation of KICR is done per phase. Methodology of phase 1 
resembles methodology for automatic correction in IMPECT2 and was relatively easy to implement. 
Phase 1 was implemented in September 2014, phase 2 in February 2015, and phase 3 will be 
implemented at the end of 2015. 
 
32. For development of top-down editing methodologists worked with a delegation of researchers of 
the statistical departments. This resulted in a draft methodology description, which was examined by 
some programmers and statistical researchers. This resulted in quite some rework, because programmers 
have an eye for possible exceptions and simplifications. There were initially too much indicators for 
specific parts of Macroview. The number of indicators was therefore reduced.  
 
33. Methodologists and programmers prepared unit tests for indicators. They also solved failed unit 
tests together. In a comparable project unit testing was done by IT-specialists and the result was that 
many bugs were detected later on. Acceptance testing of Macroview scripts and the editing screen was 
first done by statistical researchers. Afterwards methodologists and analysts examined them and this 
resulted in several bug reports and change requests. A methodologist is more capable of assessing 
whether combinations of values of indicators are possible. An analyst has to work with Macroview 
scripts and the editing screen on a daily basis and is focused on practical issues, such as the run time for a 
Macroview script and arrangement of indicators. 
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34. Several education sessions were organized in the months before implementation. This was 
needed, because procedures for top-down editing are more complex than procedures for selective editing. 
Top-down editing is in principle more efficient, but analysts and editors have to adopt a different 
philosophy. With this philosophy the focus is on plausible aggregates. For production managers and 
analysts both a short and an elaborate manual was written. An assumption is that analysing a base cell 
and editing within that cell is done by the same person. That is, there is no distinction between an analyst 
and an editor.  
 
35. In February 2015 the KICR system met quality requirements and it was implemented. However, 
there were loose ends that needed attention. Until July 2015 there was not much room for that, because 
phase 3 had to be developed. In the first week of production methodologists were present at the shop 
floor to assist analysts. This was very helpful for analysts, because the education sessions were not 
sufficient. Afterwards, analysts were supported by statistical researchers that were involved in the 
development of the KICR system. 
 
36. Analysts react in different ways to the new procedures, system and its assets and shortcomings. 
They can be divided into three groups: 

(a) They accept the new system and procedures. They make use of many indicators in Macroview, 
read manuals, and adopt new philosophy. 

(b) They accept the new system, but develop own procedures. They make use of some indicators in 
Macroview, took one look at manuals, and did not adopt new philosophy yet. 

(c) They reject the new system and procedures. They avoid using Macroview as much as possible, 
do not read manuals, and stick to old philosophy. 

Group (b) and (c) require management attention. 
 
37. After interviewing analysts we conclude that the education phase was too short. Some essential 
parts of top-down editing are not carried out. There is an official evaluation planned for September 2015 
and this may result in changes in Macroview scripts.  
 
B. Effect on quality and efficiency 
 
38. The effects on quality of STS aggregates by changes in methodology were assessed. Edited data 
for 2012 and 2013 were used for both the old and new process. Turnover growth and quality indicators 
were derived and compared. When the difference in turnover growth in a base cell was more than five 
percentage point the underlying causes were mapped. Important causes were differences in outlier 
detection, imputation, and cyclical selection. Within the KICR system less outliers are detected 
automatically. Thresholds are set such that mean-squared error is minimized in a simulation study. This is 
considered to be a quality improvement. Main difference in imputation method of IMPECT and KICR is 
that the latter can also do ratio-imputation based on the same period of last year. Some case studies 
showed that KICR imputations are in general better. With KICR some major methodological issues are 
solved that resulted in biased estimates for IMPECT2. KICR has therefore a positive effect on quality. 
 
39. In some base cells there can be a large positive/negative growth in turnover. When an influential 
enterprise has a small growth in turnover in such a base cell this could be caused by an influential error. 
However, this type of influential errors cannot be detected by the KICR score function. Time-series 
analysis and scatterplots can be used to detect these errors. Some analysts tend to focus on the score 
function during top-down editing, because they are used to selective editing. Some influential errors may 
therefore remain undetected. 
 
40. Another important aspect is efficiency. KICR has been used in production for half a year and 
analysts and editors indicate that the number of records that is edited is much lower. They are satisfied 
about the effectiveness of the KICR score function. The number of records with a high score for the 
KICR score function is much lower than during IMPECT2. Furthermore, editors indicate that the 
IMPECT2 score function assigned a lot of records with a correct t, t–1 growth of turnover to manual 
editing. The KICR score function seems more efficient in detecting influential errors in t, t–1 growth of 
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turnover. The number of records with a high score is much smaller, but it still detects most influential 
errors in t, t–1 growth of turnover that are found during top-down editing. 
 
41. On the basis of the IMPECT2 databases it is not possible to compute the percentage of records 
that is edited manually. KICR is designed such that this percentage can be computed. Editors have to 
check a box in one of the file tabs of the editing screen to indicate that a record is clean. This is recorded 
in the KICR database. However, editors do not always check this box when a record is clean, especially 
when a correction is not necessary. The total editing effort can therefore not be computed for KICR as 
well. However, the percentage of records that is corrected for KICR can be computed per type of 
correction. In Table 1 we consider records with a manual correction for at least one STS-variable.  
 
Table 1 Percentage of records with a manual correction for at least one STS-variable 

 Phase 2 Phase 1 or 2 (or both) 
Statistical period Retail trade Total Retail trade Total 
Q1 2015 – 5,7% – 8,7% 
January 2015 5,9% 5,3% 6,8% 7,6% 
February 2015 3,8% 4,3% 4,7% 6,9% 
March 2015 5,9% 4,8% 6,7% 7,2% 
 

42. For four statistical periods in 2015 about 7-9% of the sample units is manually corrected for at 
least one STS-variable. This percentage is considerable, especially for January (monthly STS) and the 
first quarter of 2015 (quarterly STS). For Retail trade it is substantially smaller for February. One reason 
is that response of enterprises that report every 4-weeks may need correction for January and December. 
January 1 of 2015 was a Thursday and week 1 started at December 29 of 2014. For the first 4-weeks 
period of 2015 enterprises need to report from January 1. When enterprises report from December 29 a 
correction is needed. Another reason is that enterprises sometimes report for the first quarter, while they 
should report for March. These systematic errors need to be corrected. 
 
VI. Conclusions 
 
43. Important changes were carried out in the statistical process for Dutch STS, especially in the 
editing and benchmarking process. Selective editing and top-down editing were integrated. Methodology 
is generic for all branches and Macroview is used for top-down editing. A different score function is 
used, which seems more effective in detecting influential errors.  
 
44. The effect of the new statistical process on editing effort could not be quantified by means of 
database queries. We interviewed analysts and editors and they indicated that less editing effort is needed. 
However, the percentage of records with a manual correction for at least one STS-variable is still 
considerable. An important reason is that the sample weights for small enterprises can be quite large. 
Errors in STS-values for small enterprises can therefore also be influential. 
 
45. We also learned that the new procedures and software are not accepted by everyone. Top-down 
editing requires a focus on aggregates. This is difficult to accomplish, especially if people have only done 
selective editing and are focused on correct values for enterprises. The education phase was too short. 
Additional education sessions are needed to fully exploit the possibilities of top-down editing for Dutch 
STS and ensure quality of figures and editing efficiency. Nonetheless, due to methodological 
improvements the quality of Dutch STS figures is already improved. 
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